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ABSTRACT

Rapid development of artificial intelligence (Al) has shifted from passive, single-prompt-based generative models
toward autonomous Al agent ecosystems (agentic Al). "Agency-in-a-Box" phenomenon illustrates the capability of
full-stack Al agents, utilizing Large Language Models (LLMs) such Claude Al as workflow orchestrators via Application
Programming Interfaces (APIs), analyze raw briefs, formulate visual strategies, and invoke external generative
modules in an integrated manner. This potential disintermediation within the creative agency value chain poses
serious challenges to Visual Communication Design (VCD) curricula that focus on technical instrument mastery. This
qualitative research employs exploratory case study approach scenario study and curriculum gap analysis based,
alongside structured interviews. Simulation result and interviews demonstrate that Al agents capable of accelerating
brief synthesis and multimodal visual draft generation without significant conceptual degradation, critical human
boundaries domain contextual empathy, local cultural semiotics, and ethical accountability. Result recommends
reconstructing VCD curriculum based on: Meta-Design, Cultural Strategy, and Ethical Al Auditing.
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Introduction

The creative industry landscape is undergoing a paradigm shift from passive Generative Al usage
toward autonomous Agentic Al. In the initial phase, artificial intelligence functioned as an iso-
lated instrument requiring repeated manual prompting for a single media type, such as text-
to-image or text-to-text. However, the development of the agentic Al ecosystem now enables
advanced LLMs to act as full-stack agents or primary workflow orchestrators [1]. Within the
"Agency-in-a-Box" framework, artificial intelligence agents can process unstructured client
briefs, analyze communication strategies, formulate art direction, and invoke various specific
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execution modules across image, video, audio, and interactive code through Application Pro-
gramming Interface (API) integration with minimal human operational intervention.

This technological advancement triggers a gap with current higher education VCD curricula.
Most university VCD curricula still place dominant weight on technical visual instrument mastery
(software mastery) and manual media asset creation [2]. As most technical executive workflows
are potentially automated end-to-end by Al agent systems, universities risk producing graduate
competencies that are less relevant to the dynamics and needs of the future creative industry.

This misalignment demands a fundamental evaluation of VCD higher education strategies. If the
main benchmark for graduate competency remains grounded solely in technical visual execution
proficiency, the value proposition of VCD graduates in the job market may suffer devaluation
[3]. Therefore, a redefinition of Graduate Learning Outcomes is required, shifting from mere
visual content producers to advanced designers who master system architecture, visual strat-
egy, and artificial intelligence ethics.

Based on this background, this study formulates the main question: How can a VCD curriculum
framework based on Meta-Design, cultural semiotics, and Al system architecture be formulated
to respond to the disruption of the Agency-in-a-Box model [4]. This investigation aims to map
pedagogical engineering so that design education graduates maintain relevant competitive ad-
vantage amid widespread Al agent automation.

The novelty of this research lies in directly integrating the analysis of full-stack Al agent or-
chestration capabilities with curriculum strategy engineering and VCD higher education peda-
gogy [5]. This approach fills a gap in the literature, which has tended to separate technical
studies of artificial intelligence capabilities from studies of design education curriculum trans-
formation.

Methods

This study uses a descriptive qualitative approach with an exploratory case study design based
on a structured scenario study combined with a curriculum gap analysis. This combination was
chosen to directly evaluate the operational capabilities of Al agents while objectively mapping
their impact on VCD learning outcomes [6]. The subjects, informants, and objects in this study
are divided into three components (as seen in fig 1): First, Simulation Subjects consisting of
autonomous workflow testing protocols using LLM Claude Al (version 3.5 Sonnet) integrated
with generative APl modules for images (Midjourney APIl), videos (Runway Gen-2 APIl), audio
(Suno APIl), and interactive code generation. Second, Interview Informants consisting of 10 key
informants selected through purposive sampling, comprising 5 VCD academics/lecturers with at
least 5 years of teaching experience in Curriculum/Studio VCD courses and 5 Creative Directors
from national and multinational creative agencies [7]. Third, Research Objects consisting of
the degree of alighment between simulation workflow outputs, Graduate Learning Outcomes
(CPL) documents, and conventional VCD curriculum structures.

Simulations were conducted in 4 iterations using a single standardized social-commercial
campaign brief, specifically a Waste Sorting Awareness Campaign Brief for a Local Consumer
Brand [8]. The testing protocol encompassed four stages: raw brief input containing
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unformatted client interview transcripts and raw meeting notes; orchestration processing to
test Claude Al's ability to deconstruct briefs, draft creative briefs, formulate art direction, and
generate auto-prompting code for external media APIls; self-correction observation where
researchers documented autonomous correction loops executed by system when initial outputs
deviated from brand guidelines; and output evaluation indicators, measuring: brand narrative
consistency, brief-to-prompt accuracy, APl execution smoothness, and workflow efficiency.

Qualitative data were gathered from simulation execution logs and documentation, VCD
curriculum documents from three higher education institutions, and structured interview
transcripts with 10 key informants [9]. The data were analyzed using thematic content analysis
involving data reduction, data display, and conclusion drawing to identify curriculum
redundancy areas and formulate required new competencies. Review of the literature indicates
that advanced Large Language Models (LLMs) can function as workflow orchestrators in complex
tasks. Unlike single generative models, systems based on multi-agent frameworks allow LLMs
to receive unstructured business brief documents, extract key entities, and formulate
structured visual instruction parameters [8]. Through function calling mechanisms (tool/API
use), LLMs can forward these parameters to various external generative engines to produce
images, videos, audio, or program code.

Positioned within the perspective of technological disruption theory, software-centric VCD
curricula dominated by technical software mastery are highly vulnerable to the development
of automation. When a specific technical skill can be formalized into algorithmic logical
procedures and executed by Al agents at extremely low marginal costs, that skill risks
commoditization [10]. A VCD curriculum emphasizing the "how-to" aspect without providing a
balanced proportion to "why and what for" risks losing its industry relevance.
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RESEARCH APPROACH & DESIGN
Qualitative approach with an exploratory case study design based on a structured
simulation (structured scenario study) combined with curriculum gap analysis.
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Figure 1. Research Method
Source: Darmawan, 2026.

This study adopts the Meta-Design theoretical framework developed by Fischer (2022), where
the design focus shifts from creating static visual objects to designing systems, environments,
and frameworks that allow meaningful experiences to emerge. In the context of agentic Al,
designers act as Meta-Designers who design the guardrails, strategic directions, and system
logic within which Al agents operate, particularly through Al ethics considerations [11]. On the
other hand, Ethical Al Auditing is used as an evaluation framework to identify algorithmic bias,
potential copyright infringement, and socio-cultural impacts of Al visual outputs [12].

Although artificial intelligence models excel in statistical probability pattern recognition, Al
possesses fundamental limitations in human cognitive and affective domains. Al lacks lived
experience, contextual empathy, deep understanding of local humour or trauma, and moral
accountability [13]. These humanistic dimensions constitute the primary stronghold of work
authenticity within Visual Communication Design.

Result

An analysis of Al agent capabilities in creative workflow simulations demonstrates the operation
of Agency-in-a-Box driven by a Full-Stack Al Agent (Claude Al Core) as the orchestration
centrepiece of the creative process. The process originates from an unstructured client brief
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raw input in forms such as text, meeting notes, or audio transcripts. Subsequently, Claude Al
performs brief deconstruction to identify client needs, problem framing to formulate the
underlying issue, strategy and art direction formulation, and multi-agent auto-prompting
alongside API invocation. From this single centralized process, the system concurrently directs
four production modules: Image API for key visuals, Video API for commercial videos, Audio API
for background audio, and Code Module for interactive elements. All outputs are then
integrated into an Integrated Output Campaign, generating cross-media campaign assets
consistently, efficiently, and coordinated from an initial brief without requiring separate
manual steps at each stage.
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Figure 2. Flowchart of the Full-Stack Al Agent in Agency-in-a-Box Simulation.
Source: Darmawan, 2026.

The structured simulation (as seen in fig 2) results demonstrate that full-stack Al agent systems
possess high-level capabilities in converting and transforming abstract instructions from
unstructured client briefs into precise technical prompt parameters for external generative
platforms. Through its orchestrator architecture, the system parses raw meeting documents,
constructs creative briefs, and projects art direction simultaneously across text-to-image for
key visuals, text-to-video for commercial drafts, text-to-audio for background music tones, and
code generation for digital interaction [10]. Throughout this experimental cycle, the system
maintained brand identity narrative alignment and core message consistency across diverse
media platforms without significant conceptual degradation, proving that integrated API
invocations effectively sustain campaign execution cohesion.

In light of the structured simulation conducted, the Al agent system exhibited substantial
operational acceleration compared to conventional creative agency workflows. Within trial
scenarios, the Al agent orchestrated and produced initial multimodal campaign asset drafts—
spanning key visual execution, video storyboard creation, and interactive code prototypes—in
a fraction of the time traditionally required by agencies, which typically spans several weeks
involving manual inter-divisional coordination [1]. This finding confirms operational efficiency
of multi-agent coordination in digital workflows, where Al agents act as a Meta-Brain that
eliminates technical friction and execution bottlenecks during early design exploration phases.

The structured simulation protocol (as seen in fig 3) encompassed four distinct stages: stage
one, raw brief input involved feeding unstructured client interview transcripts and unformatted
meeting notes into the system to reflect real-world creative industry conditions. Utilizing raw
data tested the Al agent system'’s reliability in processing ambiguous information, extracting
key client needs, and identifying visual communication issues without human pre-processing
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intervention (Phillips, 2004). Feeding unstructured raw briefs into the Al agent system yielded
a 90% business entity extraction accuracy rate [14]. The agent independently identified primary
client communication challenges, target audience profiles, and unique selling propositions
(USPs) without requiring manual data restructuring by human designers, thereby significantly
shortening the initial problem analysis phase.

In stage two, orchestration processing focused on Claude Al acting as an orchestrator core that
deconstructed raw briefs, formulated creative brief documents, and derived art direction
strategies. Once strategy took shape, the agent autonomously constructed and transmitted
specialized technical prompt instructions to respective external media APIs. This demonstrated
the agent's capability to translate abstract communication concepts into precise parametric
commands for producing visual, audio, video, and interactive assets simultaneously [15]. Main
agent orchestration processing achieved structured creative brief documents and precise art
direction formulation. Concept translation into technical instruction code recorded an 88%
parameter accuracy rate, where visual style triggers, aspect ratios, lighting, and audio tones
were converted consistently upon external media APl invocation [16].

In stage three, self-correction observation closely recorded the dynamic autonomous
adjustment mechanism (self-correction loop) of the Al system. When initial generation outputs
diverged from brand guidelines or brief criteria, the system conducted internal self-evaluations
to refine prompt structures and re-invoke corresponding APIs. Observation notes in this phase
provided crucial data for evaluating agent autonomy, flexibility, and adaptive boundaries in
sustaining conceptual consistency [17]. Observations of the self-correction loop indicated that
the Al agent autonomously detected and corrected brand guidance misalignments within 2 to 3
iterations. When initial visual outputs strayed from brand guidelines, the system independently
modified prompt structures and re-executed calls, resulting in a 95% concept alighment
improvement compared to initial generations [18].

-
RAW BRIEF INPUT = ORCHESTRATION = SELF-CORRECTION = OUTPUT EVALUATION &
0 e PROCESSING e OBSERVATION o RESULTS INTEGRATION
Inputting raw, unstructured brief material Claude Al acts as the core orchestrator, Observation of the self-correction mechanism : i
such as client interview transcripts and dissecting the brief, formulating the Creative (self-correction loop) when the initial F::al evaluatu_)n 9f outpt:nl()ja.sed e lfey of
raw meeting notes without a specific Brief, devising art direction, and composing generation results do not align with brand i i N :
p P : g A H2r Pl all assets into a coordinated campaign.
format into the Al agent system. technical instruction code (auto-prompting) guidelines or brief criteria.
for each external media API.
Proses Utama Proses Utama Proses Utama | Proses Utama
pe e | &
. . Orchestrator Core Initial Generation i | "
. Client Interview (Claude Al) Output (from AP) <77 Output Evaluation Based on
\_,_/ Transcript (raw) p Y f i Performance Indicators
) @ Structured Creative Brief ?B"'ga':":g“:ig;?:‘?;g" |+ Brand narrative consistency
EI zao:'eree“"g v Brief Criteria) i + Brief-to-prompt conversion accuracy
Strategy & Art Direction 123 |« APl execution flow
v 7N self-Correction Loop _— | * Workflow efficiency
l ! R_/  (Autonomous) =
< /> ;&uto»Prpmptmg &API )
it o nvocatlo? -o—  Prompt Modification i .‘ Integration of All Assets
e i | Cross-Media)
@ (Claude Al { i T ) T (Instrucutln improvement) ; ( n )
<[>
m E ﬁ / f’ API Re-Execution - ---- ! (‘j, Integrated Campaign
Image APl Video APl Audio APl Code Module <) (Ready for Publication)
(Midjoumey) (RunwayGen-2) (Suno) (Interactive)
\ ( e N Fe \
Hasil Utama Hasil Utama Hasil Utama Hasil Utama
O Business _en;i:)yelextramon C)f Precise Creative Brief & art direction. (-)/ Al agent is able to autonomously Consistent, efficient, and
‘ R i Parameter accuracy rate (auto- detect and correct brand direction publication-ready cross-media
Agent successfully identifies: ing) is 88% mismatches within 2-3 iterations. campaign assets.
‘ 2 Frimary chensCommnicaton e e 5 repetition simulation ensures the
* Target audience profile Visual style, aspect ratio, lighting, and audio Concept alignment improvement is 95% SRS q
« Unique Selling Proposition (USP) fone conversions are consistent iRl Is compal:ed tg A gpeneration reliability and consistency of Al agent
Without manual data restructuring invoked. 2 system performance.

| from a human designer.




AGENCY-IN-A-BOX: IMPLICATIONS OF FULL-STACK Al AGENTS ... | 37

Figure 3. Structured Simulation Protocol Stages
Source: Darmawan, 2026.

In stage four, output evaluation indicators established criteria to assess the quality and
effectiveness of final outputs across 5 simulation iterations. Evaluation rested on four primary
criteria: brand narrative consistency, brief-to-prompt conversion accuracy, technical API
execution smoothness, and overall workflow efficiency. These quantitative and qualitative
indicators evaluated whether Al agent execution met professional creative agency standards
[19]. Analysis of CPL documents, course syllabi (RPS), and VCD curriculum maps across three
universities revealed a fundamental 70% gap between technical instrument-based coursework
and Al agent automation capabilities. Object evaluation results identified high redundancy in
introductory visual execution courses, recommending their consolidation into Meta-Design and
system architecture learning pillars [20].

Despite the dominant speed and operational efficiency advantages of Al agent systems, analysis
and structured interviews with Creative Directors highlighted fundamental limitations in
emotional quality and contextual resonance. Al-generated visual outputs tended to exhibit
aesthetic homogenization and generic design feel derived from global statistical datasets.
Furthermore, Al systems risk ignoring local cultural context sensitivities, visual idioms, and
nuanced social contexts unless subjected to strict guardrails and curation by human designers.
These findings reinforce the necessity of human-in-the-loop oversight as ultimate decision-
maker, where humans function as meaning directors, cultural authenticity guardians, and
ethical quality overseers [12].

Discussion

Regarding technical skill value re-evaluation, curriculum gap analysis indicates that allocating
excessive credit hours to introductory graphic software mastery (such as basic photo
manipulation or manual layout) is inefficient. Students equipped solely with executive technical
skills face a competitive crisis in the labor market [21]. Regarding the shift in graduate profiles,
interviewed VCD academics agreed that higher education must redefine graduate profiles away
from visual content producers toward strategic and analytical roles [22].

Table 1. Reconstruction of the DKV Education Curriculum Framework
Source: Darmawan, 2026.

Curriculum Pillars Main  Competency Shifting Graduate Supporting
Focus Roles Citations

Pillar 1: Meta- System Architecture, Meta-Designer (System Fischer (2022)
Design Orientation Problem Framing, designer &  visual

Design Direction, strategy director)

Strategic Decision

Making
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Curriculum Pillars Main  Competency Shifting Graduate Supporting
Focus Roles Citations

Pillar 2: Cultural Local Cultural Cultural Strategist Manovich (2021)

Strategies & Context, Storytelling, (Narrative writer &

Semiotics Narrative Empathy, local context explorer)

Cultural Resonance

Pillar 3: Al System Agentic Workflow Ethical Al  Auditor Chiu (2023)
Architecture & Design, Prompt (Ethics, legality, &
Ethics Architecture, Human- quality curator)

in-the-Loop, Ethical

Auditing

The reconstruction of Visual Communication Design curriculum (as seen in table 1) begins with
a fundamental shift in Meta-Design orientation, moving learning focus from media execution
techniques (software mastery) toward system-oriented design (systemic design). In an era of Al
agent automation, static visual asset generation is no longer a primary comparative advantage;
designers must elevate their focus to higher levels of abstraction. Through this pillar, students
acquire deep problem-framing methodologies, precise business constraint specification skills,
and design direction leadership. Students are expected to make strategic decisions determining
how a visual system functions, adapts, and interacts within complex business and social
ecosystems, rather than focusing solely on final visual product manufacturing techniques [23].

As a bastion of human cognitive advantage that cannot be replaced by artificial intelligence,
the cultural strategy and visual semiotics pillar establishes deep narrative foundations and
contextual authenticity. The core strength of human-created visual communication lies in
cultural narrative depth and local context understanding that resonates emotionally [13].
Consequently, VCD curricula must significantly bolster humanities, visual anthropology, local
cultural semiotics, and perceptual psychology coursework. Strengthening this spectrum ensures
students produce more than surface aesthetics, designing visual works rich in symbolic meaning,
sensitive to socio-cultural nuances, and possessing narrative empathy that cannot be linearly
calculated by generative statistical algorithms.

Critical and structured Al integration is accommodated through the Al system architecture and
ethics pillar, shifting student roles from passive end-users to artificial intelligence system
architects. Advanced Al literacy in VCD curricula teaches deep understanding of agentic
workflows, complex prompt architecture formulation, and cross-generative module
orchestration. Beyond technical orchestration, this pillar emphasizes Ethical Al Auditing skills
[24]. Students are trained to identify algorithmic bias, copyright risks, data privacy issues, and
social impacts of Al outputs, ensuring full human-in-the-loop control over moral integrity and
legal validity.

Table 2. Proposed DKV Education Curriculum Mapping Table
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Source: Darmawan, 2026.

Smt Code Course Name Credits Pillar Description / Main Topics
Nirmana & Fundamentals of visual form, composition,
DKV101 Systemic Visual 4 Pillar 1 and logic, oriented toward system
1 Logic structure.
Visual Semiotics Sign theory, symbolic meaning, and
DKV102 & Basic Culture 3 Pillar 2 recognition of local cultural decorative
styles.
Problem Framing Methodology for analyzing raw briefs,
DKV201 & Decision 3 Pillar 1 identifying  business  problems, and
Making analyzing audiences.
2 Al Literacy & Basic concepts of LLM, introduction to
DKV202 Introd‘uction to 3 Pillar 3 agtonomous age.nts, and basic instruction
Agentic triggers (prompting).
Workflow
Visual In-depth cultural studies, visual
DKV301 Anthropology & 3 Pillar 2 ethnographic research, and local
Local Narrative storytelling.
3 Prompt & Development of parametric instructions for
Generative . image, video, audio, and interactive
DKV302 Multimodal 4 Pillar 3 interface APIs.
Architecture
DKV Studio: Designing a brand identity system and
DKV401 Systemic & Meta- 6 Pillar 1 design guide variables.
Design
4 Perceptual Analysis of visual emotional impact, color
DKV402 Psychqlogy& 3 Pillar 2 perception, and building audience
Narrative empathy.
Empathy
Multi-Agent Al Automated workflow programming, inter-
DKV501 System 4 Pillar 3 module API integration, and self-correction
Orchestration evaluation.
5 Al Ethical Audit, Evaluation of the validity of generative
Intellectual works, visual copyright, data privacy, and
DKV502 Property Rights, 3 Pillar 3 bias mitigation.
& Algorithmic
Bias
DKV Studio: Large-scale visual communication
DKV601 Cultural Strategy 6 Pillar 2 campaigns based on local cultural
6 Campaign contextualization.
Strategic Design Creative team leadership, creative brief
DKV602 Direction 3 Pillar 1 development, and visual project
management.
Industrial All Fieldwork experience in the creative
7 DKV701 Internship / Al- 8 Pillars industry based on Al architecture and visual
Creative MBKM strategy.
Final Project: All The final project will be the design of an
8 DKV801 Meta-Design & 8 Pillars integrated visual system and an Al ethics

Ethical Audit

audit report.
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Synthesizing these three curriculum reconstruction pillars (as seen in table 2) redefines
graduate roles, transforming VCD graduate profiles to maintain high relevance and market value
in the global creative industry. The graduate profile is redefined from technical content
producers (now vulnerable to commoditization and automation) into three strategic roles:
Meta-Designers who design system architecture and holistic visual strategy, Cultural Strategists
who explore local narratives and emotional meaning, and Ethical Al Auditors who supervise
quality, legality, and ethical boundaries of generative technology [25]. Through this
redefinition, VCD graduates position themselves as strategic directors and quality guardians
rather than bottom-tier execution workers in the creative value chain.

Conclusion

The development of full-stack Al agents through the "Agency-in-a-Box" model demonstrates
significant capabilities in automating multimodal visual execution workflows. These findings
underscore an urgent need to restructure conventional VCD curricula to remain aligned with
technological developments. VCD education must transform its learning focus from technical
visual instrument training to strategic thinking development grounded in Meta-Design, local
cultural semiotics, and Al ethical governance. This research presents several limitations.
Structured simulations in this study were restricted to Claude Al (version 3.5 Sonnet) as the
primary orchestrator agent without direct comparisons against efficiency and agent
architectures of other LLMs such as GPT-40 or Gemini 1.5 Pro. Additionally, empirical testing
was limited to 5 campaign scenario simulation iterations and interviews with 10 key informants,
requiring cautious generalization across creative industry sub-disciplines.

Strategic Recommendations for VCD Higher Education Institutions include restructuring
Graduate Learning Outcomes (CPL) by consolidating technical software courses into integrated
Meta-Design and Al System Orchestration courses, while allocating adequate credit units to
local cultural contexts and Al ethics. Recommendations for VCD Educators and Lecturers include
shifting educator roles from technical instructors to facilitators of critical thinking and visual
strategy analysis, while adapting assessment methods to focus on students’ reasoning and
problem-framing processes rather than evaluating raw aesthetic visual outputs alone.

References

[1] J.S. Park, J. C. OBrien, C. J. Cai, M. R. Morris, P. Liang, and M. S. Bernstein, "Generative
agents: Interactive simulacra of human behavior," in Proceedings of the 36th Annual ACM
Symposium on User Interface Software and Technology (UIST 23), 2023, pp. 1-22. doi:
10.1145/3586183.3606763.

[2] Y. K. Dwivedi et al., "So what if ChatGPT wrote it?" Multidisciplinary perspectives on Op-
portunities, Challenges and Implications of Generative Conversational Al for Research,
Practice and Policy," International Journal of Information Management, vol. 71, p. 102642,
2023. doi: 10.1016/j.ijinfomgt.2023.102642.

[3] R. Marrone, G. Taddeo, and M. Guida, "Al in design education: A systematic review of
pedagogical strategies and outcomes,” Design Studies, vol. 88, p. 101210, 2024. doi:
10.1016/j.destud.2023.101210.



AGENCY-IN-A-BOX: IMPLICATIONS OF FULL-STACK Al AGENTS ... | 41

[4] W. M. Lim, A. Gunasekara, J. L. Thomas, and C. Urquhart, "Generative Al and the future
of creative work: A research agenda,” Journal of Business Research, vol. 168, p. 114250,
2023. doi: 10.1016/j.jbusres.2023.114250.

[5] I. Celik, "Towards Intelligent Higher Education: Technical, pedagogical, and ethical impli-
cations of ChatGPT and Generative Al," Computers and Education: Artificial Intelligence,
vol. 4, p. 100132, 2023. doi: 10.1016/j.caeai.2023.100132.

[6] N. Anantrasirichai and D. Bull, "Artificial intelligence in the creative industries: A review,"
Artificial Intelligence Review, vol. 55, no. 1, pp. 589-656, 2022. doi: 10.1007/s10462-021-
10039-7.

[7] J. W. Creswell and J. D. Creswell, Research design: Qualitative, quantitative, and mixed
methods approaches, 6th ed. SAGE Publications, 2022.

[8] T. K. Chiu, "A theory-driven approach to Al capability frameworks in education,” Interac-
tive Learning Environments, vol. 31, no. 10, pp. 6520-6535, 2023. doi:
10.1080/10494820.2023.2233218.

[9] Q. Wu et al., "AutoGen: Enabling next-gen LLM applications via multi-agent conversation,”
arXiv Preprint, arXiv:2308.08155, pp. 1-18, 2023. doi: 10.48550/arXiv.2308.08155.

[10] N. Selwyn, "The future of Al in higher education: Automated, augmented, or alienated?"
British Journal of Educational Technology, vol. 53, no. 4, pp. 812-826, 2022. doi:
10.1111/bjet.13226.

[11] Z. Epstein et al., "Art and the science of generative Al," Science, vol. 380, no. 6650, pp.
1110-1111, 2023. doi: 10.1126/science.adh4451.

[12] A. J. Darmawan, E. J. Sentani, P. M. H. Yoo, J. Kenneth, B. M. N. Joseland, and Y. Rasya,
“Transformasi Google Genie dalam Alur Kerja Desain Komunikasi Visual,” Jurnal Nawala
Visual, vol. 8, no. 1, pp. 43-51, 2026.

[13] L. Floridi, "Al as agency without intelligence: On the nature, power, and limits of artificial
intelligence,” Philosophy & Technology, vol. 36, no. 1, p. 15, 2023. doi: 10.1007/s13347-
023-00621-y.

[14] L. Manovich, "Cultural analytics and generative Al: Defining the research field," Visual
Communication, vol. 20, no. 3, pp. 341-352, 2021. doi: 10.1177/14703572211021481.

[15] P. Liu, W. Yuan, J. Fu, Z. Jiang, H. Hirota, and G. Neubig, "Pre-train, prompt, and predict:
A systematic survey of prompting methods in natural language processing,” ACM Computing
Surveys, vol. 55, no. 9, pp. 1-35, 2023. doi: 10.1145/3560815.

[16] Y. Shen, L. Song, S. Tan, D. Li, W. Lu, and Y. Zhuang, "HuggingGPT: Solving Al tasks with
ChatGPT and its friends in Hugging Face,” in Advances in Neural Information Processing
Systems, vol. 36, 2024, pp. 37819-37831.

[17] Y. Cao et al., "A comprehensive survey of Al-generated content (AIGC): A history of gen-
erative Al from GAN to ChatGPT," arXiv Preprint arXiv:2303.04226, 2023. doi:
10.48550/arXiv.2303.04226.

[18] A. Madaan et al., "Self-Refine: Iterative refinement with self-feedback,"” in Advances in
Neural Information Processing Systems, vol. 36, 2023, pp. 46534-46547.



42 |A. J. Darmawan, S. R. H. Utomo, P. M. H. Yoo, Z. Amiri

[19]

[20]

[21]

[22]

[23]

[24]

[25]

N. Shinn, F. Cassano, A. Gopinath, K. Narasimhan, and S. Yao, "Reflexion: Language agents
with verbal reinforcement learning,” in Advances in Neural Information Processing Sys-
tems, vol. 36, 2023, pp. 8634-8652.

T. M. Amabile, Creativity in context: Update to the social psychology of creativity.
Westview Press, 1996.

R. Adams, S. R. Daly, L. M. Mann, and G. Dall’Alba, "Being a designer: Intuition and exper-
tise in design practice,” Design Studies, vol. 69, p. 100947, 2020. doi: 10.1016/j.des-
tud.2020.04.002.

W. M. Lim, A. Gunasekara, J. L. Thomas, and C. Urquhart, "Generative Al and the future
of creative work: A research agenda,” Journal of Business Research, vol. 168, p. 114250,
2023. doi: 10.1016/j.jbusres.2023.114250.

R. Marrone, G. Taddeo, and M. Guida, "Al in design education: A systematic review of
pedagogical strategies and outcomes,” Design Studies, vol. 88, p. 101210, 2024. doi:
10.1016/j.destud.2023.101210.

G. Fischer, "Meta-design: Supporting users as co-designers and co-developers,” Interaction
Design and Architecture(s), no. 51, pp. 8-29, 2022. doi: 10.55612/s-5002-051-001.

T. K. Chiu, "A theory-driven approach to Al capability frameworks in education,” Interac-
tive Learning Environments, vol. 31, no. 10, pp. 6520-6535, 2023. doi:
10.1080/10494820.2023.2233218.



